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Abstract. Logical formalisation of agent behaviour is desirable, not
only in order to provide a clear semantics of agent-based systems, but
also to provide the foundation for sophisticated reasoning techniques to
be used on, and by, the agents themselves. The possible worlds semantics
offered by modal logic has proved to be a successful framework in which
to model mental attitudes of agents such as beliefs, desires and inten-
tions. The most popular choices for modeling the informational attitudes
involves annotating the agent with an S5-like logic for knowledge, or a
KDy5-like logic for belief. However, using these logics in their standard
form, an agent cannot distinguish situations in which the evidence for
a certain fact is ‘equally distributed’ over its alternatives, from situa-
tions in which there is only one, almost negligible, counterexample to
the ‘fact’. Probabilistic modal logics are a way to address this, but they
easily end up being both computationally and conceptually complex, for
example often lacking the property of compactness. In this paper, we
propose a probabilistic modal logic PrKD45, in which the probabilities
of the possible worlds range over a finite domain of values, while still al-
lowing the agent to reason about infinitely many options. In this way, the
logic remains compact, implying that the agent still has to consider only
finitely many possibilities for probability distributions during a reason-
ing task. We demonstrate a sound, compact and complete axiomatisation
for PrKD45 and show that it has several appealing features. Then, we
discuss an implemented decision procedure for the logic, and provide a
small example. Finally we show that, rather than specifying them be-
forehand, the finite set of possible probabilities can be obtained directly
from the problem specification.

1 Introduction

In both reasoning about agents and in reasoning within agents, it is vital to
choose tools that allow the representation of information at an appropriate level
of abstraction, yet being simple enough to be mechanised. Logical formalisa-
tions of such informational aspects have been particularly successful, often using
modal logics such as S5 for knowledge, or KD45 for belief. However, it is clear
that, in realistic scenarios, such descriptions need to incorporate uncertainty.
Without such descriptive flexibility, logical approaches cannot effectively repre-
sent real-world concerns and so cannot be used as the basis for practical reasoning
in agents acting with uncertain information. While there have been some steps
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in developing logics of uncertainty or logics of probability (see Section [6) many
of these (for example, probabilistic modal logics) are both computationally and
conceptually complex. In particular, a significant drawback is that many such
approaches lack the property of compactnesst.

In this paper we present a new probabilistic modal logic (called PrKD45)
that builds upon the natural framework of Kripke models (the basis of modal
logics), while allowing reasoning about uncertainty. Importantly, in this logic,
the probabilities of the possible worlds range over a finite domain of values,
while still allowing the agent to reason about infinitely many options. In this
way, the logic remains compact, ensuring that the agent only has to consider
finitely many possibilities for probability distributions during a reasoning task.

The PrKD45 logic extends, in some aspects, the system PpD previously
introduced in [9], which in turn was inspired by the system from [3]. The basic
modal operator P~ allows us to write formulas such as Pj5p, meaning that
the “agent believes ¢ with probability strictly greater than 0.5”. The operators
(which have self-explanatory meaning) P=, P<, P< and P~ can then be defined
in terms of the above basis. Since probabilities range from 0 to 1, PlZ corresponds
to the modal operator O or B. An important property of the logic is that it only
allows probability measures (for each world) that are within a finite base set F'.
Although this semantically restricts probability assignments to a finite range, it
is still possible to express and reason about arbitrary probabilities, since there is
no restriction in the language that mirrors this semantic restriction. But again,
in the logic, a particular axiom (Axiom AT7; see later) ensures that arbitrary
values collapse to values in the set F. The main motivation for using F is the
restoration of compactness for the logic.

Logics that allow us to express that Prob(¢) ~ x are, in general, not compact.
Witness the set of premises I'

{Prob(q) >a|ac@nN|0,1)} (1)

Here, we have I' = Prob(q) = 1, and yet there is no finite subset of I" that
proves this conclusion. This has a computational counterpart: a mechanical de-
vice verifying whether a set of premises { Prob(y) ~ x} is satisfiable in Q N[0, 1]
in principle has to check an infinite number of assignments of probabilities to
formulas ¢. The advantage of the PrKD/5 logic is that the range of allowed
probabilities is within a finite base set F' C [0, 1].

Although the use of the base set F' causes a logical restriction, it is possible
to highlight some interesting aspects (cf.[9]). For instance, it we take F' = {0,1},
we have classical modal logic. Alternatively, Driankov’s linguistic estimates (as
in [2]) impossible, extremely unlikely, very low chance, small chance, it may,
meaningful chance, most likely, extremely likely, certain would be modelled by a
9-element F'. In other words, the granularity of F' can be chosen according to the
intended application of the agent. However, since one of our main interests is to
use the PrKD/5 logic for describing and implementing uncertain agents, then

! Compactness in the sense that inference in terms of infinite sets coincides with
inference over finite sets.
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having a mechanism for directly calculating the set F is very desirable. For this
purpose, the basic idea is to have F' determined by a set of arbitrary probability
values which are directly extracted from the original agent specification. (Further
discussion concerning this aspect will be provided in Section [6)

In summary, contrary to many other logical approaches to probabilistic rea-
soning, our logic is both compact and conceptually simple. Thus, it represents a
strong candidate for representing and reasoning about uncertainty within com-
putational agents.

The paper is organised as follows. In Section [21we present a description of the
language and, in Section [3] we provide its semantics and establish its properties.
Since the focus of PrD was not on a doxastic interpretation of modalities, we
also include two additional properties in the PrKD45 Logic (axioms A8 and
A9; see later), in order to represent KD/5-like belief. For instance, this allows
us to have a probability distribution independent of worlds, and thus ensure that
nested belief formulas are equivalent to formulas without nesting. Such issues
are considered in more detail in Section [Bl A decision procedure for the logic
has been developed and implemented, and this is presented in Section [l Due
to space restrictions, only a small motivating example showing the versatility of
the approach is provided in Section [Bl Finally, related work and final remarks
are presented in Section [Gl.

2 Language Description

The language L of PrKD/45 consists of a countable set of propositional symbols,
the logical connectives = and V (with standard definitions for L, T, A, —, <),
and parentheses. We also define a modal operator P;”, where x is a real number
within the interval [0, 1].

Definition 1. A set F' is a base for a logic PrKD/5 if it satisfies:

1. F is finite;

2. {0,1} C F C [0,1];

3. x,yeFand (r+y<1)= (z+y) €F;
4. zeF=(1-z)€F.

The logic is defined relative to a fixed base set F' = {xq,z1,...,2,} C [0,1]. Tt
is assumed that z; < z;41, if @ < n (implying 0 = xo and z,, = 1). The basic
operator is P.”, with intended meaning of P. ¢ being: “i is believed to have a
probability strictly greater than z”.

The following abbreviations are used (from now on, x and y represent arbitrary
values over [0, 1],and x;, ;41 are elements of the base set F.):

D1. PZo=-P] ,—¢

D2. Pro=P7

D3. PEp =P ¢

D4. P-p=-P o AN—P o
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The inference rules (R1 and R2) and axioms (A1-A9) of PrKD45 are:

R1 From ¢ and ¢ = ¢ infer ¢ (modus ponens)
R2 From ¢ infer PZo (necessitation rule)

Al All propositional tautologies
A2 PE(p =) = [(PZo = PZY) A (PZo — PRY) A (PRe — PEY)]

A3 P1Z(<P_”/’)—>(PESO—>P;,>T/)) (where y < z)
A4 Poch

A5 P (pVi) = (PreV Pry) (where z 4y € [0,1])
A6 PE=(p AY) = (P7@ A PFY) = Pryy(p Vo) (where z +y € [0,1])
AT Pro — P£+l<p

A8 (PyPZe — PZp) A (Py PEp — PEy)
A9 (PZy — PCPZo) N (Psp — PLPEy)

The axioms A1-A6 all reflect basic properties of probabilities. Axiom A7 reflects
the peculiarity of having a base set F": it says that, if a probability is bigger than
a certain value in F', it must be at least the next value. Axioms A8 and A9
are included to emphasize the relationship with the modal logic KD45 and they
make our agents doxastically introspective. The intuition behind these additional
axioms is as follows. Axiom A8 denotes that, if the agent assigns a positive
probability to some probabilistic judgement, then it incorporates this judgement.
Axiom A9 states that the agent is absolutely sure about its own probabilistic
beliefs (the focus of [9] was not on a doxastic interpretation of the modalities,
and these introspective properties were not included).

Lemma 1. The following theorems are derivable in PrKD45:
kPS¢ and - PEp = PRy

Remark 1. We can define a belief operator, ‘B’, using By = PlZ ®, and can then

infer the following.

a) F o =F By

F B = ) — (Bp — BY)

F-Bl

By — BBy

5. "By = BBy

b) We say that a formula in L is modal if it is built from atomic propositions,
using only the logical connectives and the modal operator B. We claim that
for all modal formulas, ¢, PrKD45 - ¢ iff KD45 F .

Ll e

Proof. The <« part follows from a above; the = part will be obvious from
the semantics for Pr KD45 given latex?.

2 Due to space limitations, full proofs are generally omitted, but can found in the
associated technical report [1].
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Below we present some further theorems of PprKD45, though only give one
example proof. We also utilise some additional notation:

— (¢ ¢¥) means ((p V) A=(p A)), i.e. exclusive OR;
—axt=min{y € F |y >z} and zl=max{y € F |y < z}.

Now, for all ¢, in the language and all = € [0, 1]:

T1. (PZ¢ < (P7 oV Pro)) A(Pro(PreV Pry))

T2. P Prov Pro

T3. =(Pyo A Pyy) (y # z)
T4 (=PFy < PZo) N(=P7 ¢ < Pry)

T5. Pyo < (PFo A Pry)

T6. Py o — Py y<a
T7. Pro < P~

The following lemma shows the benefit of having a finite base F': it guarantees
that we can express in the language that every formula has a probability.

Lemma 2. For all p € L, the following is a PrKD45-theorem:
Pro Pro~ ... Py o (recall: F ={0=xg,21,...,7, = 1})

T8. Pro— Proy P oV ...V Py o, with z; =27 ;
T9. Pro — P~ P o ...V P, with z; = z |;
T10. (ngo © PZo) /\EPy<<p N f’yﬁ@) . zel0,1),y € (0,1]
T1L. [PE=(e A) A Pro] = [P < Pryy (9 V)] z,y,x+y €0,1]
T12 Py Py o — P o, ~ is one of {<,<,=,>>}
T13 Pyo — PZPro, ~ is one of {<, <, =,>>}

3 Semantics and Properties

Formulas ¢ € L are interpreted on Probabilistic Kripke Models over F'.

Definition 2. For each base set, F, PprKD45 is the class of all models M =
(W, Pp,m) for which:

— W is a non-empty set (of worlds);

— Pr is a function Pp : W — F, satisfying Y, . Pr(w) =1

— 7 is a valuation: W x L — {true, false}

The truth definition for formulas is defined in a standard way, the modal
clause reading:

(M’ w) ): PZZ (90) Zﬁ Zw’ s.t. (M,w")E=e PF('U}/) >
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Note that the probability distribution is independent of the world. Let us call
such a structure PpKD45.

One can relate this semantics to a more standard Kripke semantics as follows.
Given M = (W, Pp, ), first choose an arbitrary world w in the model M. Then,
let W' be {w} U {w' | Pr(w') > 0}. Finally, define R'(z,y) iff Pr(y) > 0, i.e.,
a world is accessible (from any world) if, and only if, its probability is positive.
Let M), = (W', R, 7'} be the model thus obtained, with 7’ being the restriction
of m to W. The following gives a semantic motivation for coining our system
PrKDJ5:

Proposition 1. Given a PrKD/5 model M = (W, Pp,7) and a world w, let
M/ = (W' R ') be obtained as described above. Moreover, let a purely modal
formula from PrKD45 be a formula in which all modal operators are Plz, or,
equivalently, B. Then:

1. for every purely modal formula ¢, we have M,w = ¢ iff M., E o;
2. the accessibility relation R' is serial, transitive and Euclidean.

Lemma 3. PprKD/j5is sound with respect to PrKDA45, i. e., PrKD45 F ¢ =
PrKD45 = .

3.1 Completeness

Let ¢ be a consistent formula of PrKD45. We will show how to construct a
model that satisfies ¢. Let ¥ be the set of sub-formulas of ¢ closed under a
single negation and satisfying, for any ~ within {<,>,<,>,=}, (P € ¥ =
{P|z; € F} C ¥). With ¥ being finite, say |¥| = k, we can define the ¥-
maximal consistent sets as I, %, ..., [,,n < 2¥. Let 7; be the conjunction of
formulas in I3;,i < n. Then, we have:

i. F (v Ayj), where i # j;
i F (V. V)
191, 1 <> Y1 V..V Yy, Where yy1 V... Vg, are exactly those ’s which contain
1 as a conjunct, for each ¢ € ¥.

Since ¢ is consistent and, by construction of the I"s, there is at least one I,
such that ¢ € I',. Given this I',, we construct a set @ O I, as follows. From
Theorem T8, we know that for every consistent set I and formula v, at least
one set of the sequence

ru{ryyh, ru{pPg o}, . DU{P, ¢} Iu{Pre} (2)
is also consistent. Now, we obtain @ from I, as follows:

1. let &g = I', (this set is consistent);
2. for ¢ = 1 to n, we know that there is some x € F such that &;_; U{P;v;}
will be consistent, and we make the corresponding choice for @;.
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We let @ be @,,; this is a consistent extension of I',, which contains a probability
in F for every ‘world’ I'; (i < n). We are now ready to define our canonical model
M = (We, Pg, ¢ as follows:

We = {I,} U{} | 3z > 0P=n; € &}.
#(T)(p) = true if pe I

!

1.
2.
3.
Lemma 4 (Coincidence Lemma). For all € ¥ and I' € W*¢

M TEGiffperl

Theorem 1 (Soundness and Completeness, Finite Models). For any for-
mula ¢, we have PrKD45 = ¢ iff PeKD45 b ¢. Moreover, every consistent
formula has a finite model.

3.2 Nested Beliefs

Considering PrKD45 as a language for representing properties within individual
agents, we next show that nested belief formulas can be removed, i. e,. any nested
belief formula is equivalent to some formula given without nesting.

Lemma 5 (Independence of Probability Distribution). Let M =
(W, Pp,m) be a PrKDA45 model. Then:

Jw e W(M,w) = P73 Yue W, (M,u) = P7j3.

We now demonstrate that nested beliefs are superfluous, in Pr KD/5. This result
is a generalisation of [I0] Theorem 1.7.6.4], where it is proved for S5, which means
that their result still goes through when weakening the logic to KD45, and even
when having probabilistic operators.

Definition 3. We say that a formula 1 is in normal form if it is a disjunction
of conjunctions of the form 6 = w /\P%51 /\P%ﬂg A... /\P%Iﬂn ANPZ oy NP an A
.../\P,fkcvk, where w, B, o, (i < n,j < k) are all purely propositional formulas.
The formula 0 is called the canonical conjunction and the sub-formulas P%ﬂi

and P2 «; are called prenex formulas.
J

Lemma 6. If ¥ is in normal form and contains a prenex formula o, then
may be supposed to have the form mV (A A o) where m,\ and o are in normal
form.

Proof. 1 is in normal form, so ¢ = 01 V d2 V ... V §,,, where §; 5 are canonical
conjunctions. Suppose ¢ occurs in §,,. Then ¢ must be some conjunct P,YZ, SO
that d,, can be written as (A A o). Taking 7 to be (61 Vo V...V &,,—1) gives the
desired result ¢ = 7V (A A 0).
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This lemma guarantees that prenex formulas can always be moved to the out-
ermost level.

Lemma 7 (Removal of Nested Beliefs). We have, in PrKD45:
PZ (Vv (ANPFP)) » (PZ(n Vv A) APZB)V (Pim A —PZ ) (3)
PZ(mV (AAPT3)) < (PZ(mVA)APTB)V (Pym AP ) (4)

Proof. We sketch the proof of @). As (M,s) P$6 \% Pfﬁ, there are two
possible cases to consider.

First Case. Assuming (M, s) |= P8 we aim to show that
P2(xV (\APZ)) 5 (P2 (rV \) A PZ5) 5

For —, note that (7V (A PZ3)) — (7V ) is a tautology. Hence, the truth of
PZ(nV (AAPZ3)) in s implies that of P (7 V A) in s (using A2). This, together
with (M, s) = PZ(3 leads to

(M, s) £ PZ(nV (AN PFB)) = (PE(TV A) APZf) (6)

and this is valid for any state since (M, s) = PZ8 <= VYu € S, (M, u) = PZ4.
Concerning the converse, from Pz (Vv A) A P23 we have that both PZ (mV \)

and P2 are true in all u € S. X is true. (Yu) (M,u) = A <= XA PZf is also
true. So,

(M, s) £ (PZ(mVX) APZB) = PZ(nV (AAPF ) (7)
Then, at this point we have:
(M. s) | P78 — (PZ(nV (AN PEB)) & (P (1 VA) APSB)) (8)
The second case is analogous, giving
(M. 5) | =P7B — (P (nV (AAPFP)) 4 (PZm A=P50)) (9)
After considering the two cases we can, finally, use the propositional tautology

[(p—= (g AT A (P = (¢ (cpAs)] = (g« ((FAp)V (s A )],
together with () and (@) to conclude ().

We can this way bring all the probabilistic operators to the outermost leveld

Theorem 2. FEvery formula ¢ is equivalent to a formula ¥ in normal form,
i. e., a formula without nesting of probabilistic operators.

3 This result seems parallel to a result [7) Theorem 3.1.30] about a language with
quantifiers, which proof is given with induction on ¢.
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4 Decision Procedure

As previously explained, the semantic definition for Pr KD45-formulas is based
on Probabilistic Kripke Models. For each world w there is a set of worlds that
w considers possible and each one of these possible worlds is specified according
to the formulas it satisfies. For instance, if in the actual world w Plzp holds,
the probability values assigned to the possible worlds where p is true sum up
to 1 (which, in this case, guarantees that all the worlds where p is false have
probability zero).

In other words, by definition, the probability of a formula is given by the sum
of the probability values assigned to the worlds that satisfy this formula, and
satisfiability of a propositional formula is given by the assignment of truth-values
to its symbols. So, by evaluating formulas, we identify the worlds where those
formulas are satisfied. As a result, we can obtain the values that, once assigned
to the set of possible worlds, can satisfy the modal formula present in the agent’s
specification.

The idea is to convert the set of formulas into constraint (in)equations.
The inequation components represent all the possible truth valuations for the
propositional symbols. A finite set of formulas is given, and a finite set of con-
straint (in)equations will be generated; each formula is converted into a set of
(in)equational statements.

For instance, consider that the agent specification is expressed by the set of
formulas: {P&sp, P02_7q} and F' = {0,0.1,0.2,...,0.9, 1}. The four possible sets of
worlds (characterised by the truth-assignments) are: plgl (where both p and ¢
hold), pl¢0 (in which p holds and the negation of ¢ holds), pOgl (in which the ¢
and negation of p hold) and p0g0 (where both negations hold).

In the given example, the set of constraints generated is:

p0qg0 + p0ql + plq0 + plgl =1
plg0 + plgl > 0.8
p0gl + plqgl > 0.7

The first equation expresses the fact that probability values have to sum up to
1. The two inequations represent constraints on the worlds in which p holds and
worlds in which ¢ holds, respectively.

Solving the constraint (in)equations determines which are the values in set
F' that obey the constraints imposed by the formulas and can be, consequently,
applied to the set of worlds. Therefore, the decision procedure turns out to be
a mechanism for finding all the possible probability assignments for the set of
possible worlds that would satisfy the specified formulas, as long as this set of
formulas is consistent. Otherwise, no possible assignment exists.

As mentioned above the decision procedure converts the set of formulas into
a set of constraint (in)equations. Identifying the propositional symbols is essen-
tial for determining the inequation components, and the number of components
grows exponentially in the number of propositional symbols. Each formula de-
termines which components constitute each inequation. Finally, the inequations
are produced and solved.
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Theorem 3 (Decision Procedure). A formula ¢ in PpKD/5 is satisfiable
if, and only if, there is a solution for the set of (in)equations generated from ¢
within the domain F.

5 Example

We present a simple example to show what an agent specification might look like
in the PrKD45 language. This is a variety of the the common “travel agent”
scenario whereby once the travel agent believes you might be interested in a
holiday, (s)he sends you information. The basic formulas are given as follows (the
finiteness of the domain ensures that this example can indeed be represented in
a propositional language).

A. ask(you,x) — P2y go(you,z), i. e., “if you ask for information about the
destination x, then I believe that you wish to go to  with probability greater
than, or equal to, 0.8”

B. P; [go(you,x) — buy(you, holiday, x)], i. e., “I believe that, if you wish to
go to z, then you will buy a holiday in z”

C. Py sbuy(you, holiday,z) — sendinfo(you, x), i. e., “if I believe that you will
buy a holiday for x with probability greater than 0.5, I send information
about holidays at z”

D. ask(you,x), i. e., “you ask for information on destination x”

From D and A and R1 we have: P[%.s] go(you, x) (Resl).
From Resl, A3 and item B: P[E.?] buy(you, holiday, ) (Res2).
From Res2 and T6: P[a‘,)] buy(you, holiday, ) (Res3).

From Res3 and item C: sendinfo(you, z)
Referring to the decision procedure execution, there are three formulas to be
evaluated (the ones that express degrees of beliefs):

1. P go(you, x) (from A)
2. Pr [go(you, z) — buy(you, holiday, x)] (from B)
3. Py sbuy(you, holiday, x) (from C)

We obtain 6 solutions when solving the first two rules. From this set, all solutions
satisfy the antecedent of the third rule (as would be expected by the formal
proof given above). Which means that, whatever solution is chosen as a possible
value assignment, the antecedent of rule C is true. Or, independently of the
assignment, sendinfo(you, ) is a logical consequence of the knowledge theory,
and six assignments can be considered as options when building a model for the
agent specification.

In this case, the six assignments for [B0GO0, BOG1, B1G0, B1G1] are:
[0,0,0,1], [0,0,.1,.9],[0,0,.2,.8], [.1,0,0,.9], [.1,0,.1,.8] and [.2,0,0,.8]

(where ” B” represents buy(...) and ”G” go(...)).
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5.1 Limiting F

In this section, we elaborate on ways to automatically generate an appropriate
base set for a formula. In particular, we will look at sets F' that are generated
by some number é. For such an F, we will write F = é. In general we have
that satisfiability is preserved when considering bigger sets F: if ' C F’, then
PrKD45- satisfiability implies Pp/KD45- satisfiability. As a consequence, we
have that a formula ¢ is PpKD45-satisfiable for some F if, and only if, it is
P KD45-satisfiable for some generated F’. So, given a formula ¢, can we gen-
erate a F' which is sufficient for satisfiability of p? If we succeed in this, the user
of the specification language Pr KD/5 need not bother about a specific F', but
instead can leave the system to generate it.

To get a feeling for how sensitive the matter of satisfiability is against the
choice of F, suppose we have three atoms p,q and r, and let L(p,q,r) be the
set of conjunctions of literals over them: L = {(=)p A (=)g A (—)r} and let our
constraint ¢ be:

N (B A Pisy) (10)

YeL(p,q,r)

If F= i, there is no model for {I0), since every combination of atoms v would
have a probability of %, giving the disjunction \/1/) € L(p,q,7)¥ a ‘probability’
of 2, which is, of course, not possible. One easily verifies that (I0) is satisfiable
for a set F' generated by é iff d > 8, giving enough ‘space’ for each of the ¥’s.
A range F' with few elements easily gives rise to unsatisfiability. Axiom A7
forces one to make ‘big jumps’ between constraints: if we have P>g0 for a certain
r; € F, we are forced to assign ¢ at least the next probability in F, viz., r;41.

We now sketch a way to construct an F' from the formula ¢ in a most cautious
way. Consider the formula ¢. Rewrite all the occurrences of P,*¢ in ¢ in such a
way, that they all have a common denominator d: every P, 1 gets rewritten as a
P>w Let 21, ..., be all the boolean combinations of atoms from ¢ (m = 2¥).

The formula ¢ gives rise to a number of v inequalities I:

K1,1 + K1,Z2 + ...+ K1, ~ 71
I(d) == e ~
Ky 1 + Ky T2 + - oo+ Ky, ~k

aF .

Since solutions of I(d) are obtained by taking linear combinations of the inequal-
ities: it is clear that they are (as linear combinations of the right hand sides) of
the form %, for some n. Now, take the first z; that is not yet determined, say
the tlghtest constraint on x; says that is is between ;Li and 24 for certain n
and ¢. Then we can safely add the constraint z; = 25 to I(d) and obtain a set
of inequalities I(2d). Doing this iteratively gives us the following:

Conjecture 1. Let ¢ be a formula in our language with denominator d. Then, ¢
is satisfiable for some F'iff ¢ if satisfiable for Fi, = where k is the number
of atoms occurring in ¢.

2d2’“’
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6 Related Work and Conclusion

Several methods have been developed to deal with uncertain information, often
being split between numerical (or quantitative) or symbolic (or qualitative) ones
[12]. PrKD/5 is a system that combines logic and probability. In this sense, it
is related to other work that showed how this combination would be possible
in different ways [6]. One of those possible approaches is the interpretation of
the modal belief operator according to the concept of ‘likelihood’ (as in [§]).
In this logic, instead of using numbers to express uncertainty one would have
expressions like “p is likely to be a consistent hypothesis” (as a state is taken as
a set of hypotheses “true for now”). That is, a qualitative notion of likelihood
rather than explicit probabilities.

PrKD/5 was designed for reasoning with (exact) probabilities. Its Proba-
bilistic Kripke Model semantics is similar to the one presented in [54]. In their
formalism, a formula is typically a boolean combination of expressions of the
form ayw(p1) + ... + arw(pr) > ¢, where ay, ..., ax, ¢ are integers, and each ¢,
is propositional. The restriction of having ¢’s as purely propositional does not
apply to PrKD45. Besides, the system in [5l[4] includes, as axioms, all the for-
mulas of linear inequalities; consequently, their proofs of completeness rely on
results in the area of linear programming. Our logic is conceptually simpler. Fi-
nally, PrKD/5 differs mainly from other systems for representing beliefs and
probability by allowing only a finite range of probability values, an assumption
that at the same time imposes restrictions about the values that can be assigned
to the possible worlds and permits the restoration of compactness for the logic.

Maybe the work closest to ours is that of [IT]. It considers languages for first
order probabilities, and the compactness of PrKD/5 easily follows from [T}
Theorem 11]. They also consider the case in which all the worlds are assigned
the same probability function, but for a language that forbids iteration.

In this paper, we presented PrKD/5, a simple and compact logic combining
modal logic with probability. Despite the inclusion of new axioms and slight
changes in the semantics, it was shown how the logic preserves important results
about soundness, completeness, finite model and decidability of the previous sys-
tem PrD [9]. In addition, new results about nested beliefs have been presented,
a decision procedure for the logic has been developed, and brief examples were
given showing how the language can serve as an appropriate basis concerning
the informational attitudes of an agent specification language. In summary, we
proposed not only a complete axiomatization for the logic, but also a decision
procedure that permits us to verify satisfiability of Pr KD45-formulas.

The use of a finite range F' of probability values is a peculiar, and important,
property of our logic. Although the use of a base F' causes a logical restriction, it
seems possible to chose its granularity according to the intended agent’s applica-
tion. Besides, as discussed earlier in Section[I], the compactness that it brings has
significant benefits. Furthermore, a finite range of probability values reduces the
computational effort required when building a model for the agent description.
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Finally, this work on PrKD45 represents one step towards our main goal: an
agent programming language capable of specifying and implementing agents that
deal with uncertain information, together with new mechanisms for handling
such uncertainty in executable specifications. Future work will concentrate on
developing an executable framework combining the probabilistic approach of
PrKD45 with the dynamic approach of and Temporal Logics. This will allow
us to capture, in our simple an compact approach, the key aspects of uncertain
agents working in an uncertain world.
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